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An in-depth understanding and dynamic modeling of the relationship a robot has with its environment
(i.e., the overall ecology) is important to ensure that fielded robotic systems are:
¯ Not competing with other agents that can do the task more effectively and hence prove themselves
useless.
¯ Successful competitors within the ecological system and can potentially displace less efficient agents.
¯ Ecologically sensitive so that agent-environmental system dynamics are well-modeled and as predictable
as possible whenever new robotic technology is introduced.
Little emphasis to date has been placed on this ecological approach within mobile robotics research,
although some related research has been conducted in the recent past in tile context of the artificial life
community. All too often, however, these approaches lack both a strong biological basis for their working
assumptions and any formal underpinnings (neural, behavioral, and computational) for the results they
obtain. Weaddress these problems directly using schema theory and neurophysiological and ethological
models to provide credible, generalizable, and useful results in this domain. These systems are currently
grounded in robotic simulations and ultimately in actual robotic hardware.
The study of sensory guided behaviors in living animals has becomeof general significance not only for
scientists working in neuroscience and computational neuroscience but also for scientists working in robotics
and distributed artificial intelligence, whoare using functional principles generated from the study of living
animals as models to build computer based automata that display complex sensorimotor behaviors. Our
research effort, which follows these lines, is tied together by software tools including: NSL,a neural simulation
language; ASL, an abstract schema language; and MissionLab, a schema-based mission-oriented simulation
and robot implementation environment.
1.
1.1

Background
Neuroscience

and

Motivation
and

Ethology

Our group has been studying visuomotor coordination phenomenain amphibia (toad) and insects (praying
mantis). These animals live within a three dimensional environment, rich in multiple modesof sensory signals,
but their behavior is mainly guided by visual information. From an ecological point of view, these animals
react to visual environmental domains of interaction which can be classified into two groups: moving and
non-movingobjects. Diverse stationary objects mayinfluence the animal’s next action which, in general, is
directed to improve the animal’s survival chances, e.g., frogs movedtowards zones in the visual field where
blue is preponderant, a situation that might be associated with the presence of prey to eat, and of water
to maintain its body humidity [23]. In the case of the praying mantis, when it is placed in an open field
with no mobile objects around, it executes several motor actions that conform to what we have called the
chantlitaxia (i.e., in search of a proper habitat) behavior.
Different movingobjects mayelicit a specific behavior from these animals: (a) during the mating season,
the presence of a female frog in the male’s visual field yields an orienting response towards the female,
followed by an approaching action if the female is far away, or a clasping behavior if the female is withing
reaching distance in the frontal part of the visual field; (b) a predator-like stimulus mayyield one of several
avoidance behaviors depending upon its parametric composition, in amphibia, a flying large stimulus close
to the animal releases a ducking response [18,19,25,27], whereas, in the mantis, the same stimulus elicits a
deimatic behavior (i.e., the mantis stand up, and opens the wings and forearms displaying a posture that
shows a nmchbigger size than it has) [28]; and (c) the presence of a potential prey mayelicit one of several
actions, depending on the spatio-temporal relationship between the prey and the animal (i.e., amphibia or
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insect), an orienting response towards the part of the visual field where the prey is located, followed by an
approaching behavior whenthe prey is located far afield in the frontal part of the visual field and a snapping
response, in the case of amphibia [17], or a grasping response in the praying mantis [12] if the stimulus is at
a reaching distance.
Our group has developed theoretical (i.e., neural and schema-theoretic) models of visuomotor coordination
phenomenaiu amphibia [13,14,26,16]. These results have allowed us to postulate the underlying mechanisms
of visuomotor integration and have developed into a parallel distributed neural processing system, in which
those neural structures receiving direct input from the retina (retinula in the insects) represent more than
visual (sensory) map. Rather they are the site of integration of external stimuli coming through the retina,
and signals generated in brain structures that might be involved in the processing of information related to
motivational factors and learning processes. The animal’s response towards, or asvay from, visual stimuli
could be described as the integration of neural signals generated by dynamic systems working at different time
scales: (a) Activation Dynamics,signals activated in the animal’s nervous system by the presence of a visual
stimulus in its visual field (e.g., prey-catching maytake 100’s of msecs.); (b) Motivational Dynamics,
changes in factors that modulate the animal’s motivation to display certain behaviors (e.g., prey catching
intensity varies depending on the time of the day); and (c) Time-varying Dynamics,learning processes require
at least the occurrence of one activation dynamic process to modify future interactions with the same kind
of stimulus (e.g., the bee sting at the toad’s tongue is enough for preventing that toad from catching bees in
the future [19]), whereasother learning processes require a longer training (e.g., stimulus specific habituation
is accomplished after stimulating repetitively the toad with the same stimulus for few minutes to an hour
and a half) (e.g., see papers in [20,15]).
1.2

Frameworks

for

Expression

There have been a number of attempts to define a methodology for the analysis of large complex dynamic
systems such as these. One approach is schema theory [2] which lays down the conceptual framework for
knowledge representation inspired from biological and cognitive studies. ASL(Abstract Schema Language)
[34] follows a hierarchical model, enabling top-down and bottom-up designs, supported by a concurrent
language permitting a distributed implementation, while integrating neural network processing. ASL’s main
characteristics are its dynamic and asynchronous nature, and the inclusion of dynamic schema assemblages
as the basis for composition. Essentially a schema is a template from which manyinstances can be created,
in a fashion similar to that of object-oriented systems. The behavioral description of a schema describes how
an instance of that schema will behave in response to external communications. As action and perception
progress, certain schelna instances need no longer be active, while new ones are added as new objects are
perceived and new plans of action are elaborated. A schema assemblage, the basis for aggregation, is a
network of schema instances, and it may be considered a schema for further processing. Since a schema may
be decomposedinto any number of component schemas, there may be virtually any level of abstraction. The
major properties introduced in ASL:
¯ Delegation: Schema implementation may be chosen in a dynamic way, via the ASLhigh-level language
or by delegating processing to neural networks.
¯ Wrapping: Previously developed code may be statically linked within a schema.
¯ Heterogeneity: Incorporation of two different programming concepts, neural processing and procedural processing, into a single model.
¯ Encapsulation: A schema instance includes a public interface while all data and its particular implementation are internal, thus providing flexibility and extensiblity since local changes to its internal data
structure and implementation do not affect its interaction with other schema instances. Furthermore,
the communicationabstraction of input and output ports permits greater flexibility in communication
and in the design of schemaarchitectures.
¯ Reusability: Following object-oriented abstractions, such as inheritance, the definition of schemas as
shared templates from which schema instantiation takes place, permits their reusability in new schema
definitions.
In order to integrate neural processing with schemasinto a single computational model, it was first necessary to design a distributed environment where neural entities can be mappedas multi-granular concurrent
processes [33]. In terms of neural networks per se, we have developed the NSL, Neural Simulation Language,
for simulation of large-scale neural networks [35].

1.3

Robotic

Embodiment

To realize these models within robotic systems, we have adopted the framework of the Autonomous
Robot Architecture (AURA)[5], using motor schemas to provide the reactive component of navigation.
Motor schemas (behaviors) are selected and instantiated in a manner that enables the robot to interact
successfully with unexpected events while still striving to satisfy its higher level goals. Multiple active
schemasare usually present, each producing a velocity vector driving the robot in response to its perceptual
stimulus. The resultant vectors are combined as necessary according to the underlying animal model and
normalized to fit within the limits of the robot vehicle, yielding a single combinedvelocity for the robot.
These vectors are continually updated as new perceptual information arrives, with the result being immediate
response to any new sensory data. Advantages of this approach include rapid computation and the ability
to be mappedonto parallel architectures making real-time response easily attainable. Modular construction
affords ease of integration of new motor behaviors simplifying both system maintenance and the ease of
transfer to new problem domains. Motor schemas readily reflect uncertainty in perception, when such a
measure is available, and also react immediately to environmental sensor data. These factors all contribute
to the needs of a motor control system that will successfully assist a robot’s intentional goals.
Our earlier work [9,11], describes our position on integrating biological bases for multiagent teams. Even
earlier work from our laboratory [8,6,7] shows the influence that biological models have had on our control
methods for robotic systems. Exemplifying our multiagent research, we have demonstrated a system which
uses homogeneous units to carry out tasks of foraging and retrieval of objects, grazing, and consuming
objects in a cluttered world [11]. Wehave extended our research in schema-based navigation [4,3] to include
patterned sequences of behaviors [1] and their use in multiagent navigation. This approach to reactive
navigation has been previously demonstrated in a variety of application domains. Emergent behavior is
evidenced as the phenomena of recruitment, the shared effort of many robots to perform a task, which
occurs even in the absence of communication between the agents [10].
Our earlier studies have focussed on 3 tasks: object foraging, consuming, and grazing [11]. Foraging consists of searching the enviromnent for objects (referred to as attractors) and carrying them back to a central
location. Consumingrequires the robot to perform work on the attractors in place, rather than carrying
them back. Grazing is similar to lawn mowing; the robot team must adequately cover the environment. More
recently we have focussed on complex mission scenarios for ARPAinvolving scenarios that utilize bounding
and traveling overwatch and formation maintenance, amongother objectives. These complex missions can
be constructed from the more basic tasks described above.
Wehave studied cooperation extensively in multiagent robot systems. Recruitment has been defined as
"cominunication that brings nestmates to some point in space where work is required" [24]. It is our working
premise that although communication mechanisms can enhance the speed in which convergence of multiple
agents at a commonwork location occurs, recruitment-like behavior in the absence of direct communication
between the agents can also occur, and we have observed this in simulation. Wehave also developed simple
communication mechanisms: state communication and goal communication, that enhance the performance
of the social system in quantifiable ways [11]. Results include the spontaneous appearance of recruitment in
the absence of any communication(previously reported in [10]) for multiagent scenarios, and a quantitative
analysis of both state and goal communication between these agents for various multi-robot, multi-goal
scenarios. These results have been ported to two of our Denning robots.
2.

Ongoing

Research

Most of our previous research has focussed on the behavioral process dynamics within an agent, and
in some limited ways, collective behavior amongsimilar agents (e.g., [11]). In so doing we have neglected
significant aspects of the environment that can and should be incorporated into a systemic view of a robotic
agent’s place within the world. Weare now focussing on this broader view of robotics, to gain a fuller
understanding of how an agent participates with its environmental processes.
McFarland, for some time, has advocated the concept of an agent’s ecological niche [29,30]. This view
mandates that in order to have a successful robotic implementation, a robot must find its place within the
world, i.e., its niche. This niche will enable it to survive and successfully competewith other agents. This
perspective holds not only for robotic systems but organizations as well - the novelty lies in its application to
robotic systems. McFarland’s work has to date heavily emphasized economic pressures, but of course there
are also manyothers.
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A series of models, using schematheory, represents an agent’s participation with its world. This involves
the extension of our commonschema-theoretic approach to incorporate external, as well as internal, processes.
Fortunately, sclmma-theoryis quite amenable to this strategy, which we demonstrate initially from a modeling
perspective and then using robotic simulations (and ultimately implementations). Steels and McFarland [32]
have begun to explore these issues experimentally, but have not brought powerful modeling tools to the table,
nor have looked closely at the biological underpinnings of the problem. Our research does both. There is
also a relationship to the school of ecological psychology as formulated by Gibson [22] and developed further
by Neisser using schema theory [31]. Wehave previously shown a connection between affordance-based
perception and perceptual schemas [6]. Wecontinue to explore this avenue in light of new biological data..
Our research focuses on three major questions:
1. Howcan agent/environmental processes be modeled using a formal schema-based approach?
2. Howcan our research in multiagent robotic systems be extended to include not merely cooperative
agents, but other complexinteractions as well, e.g., competition where agents are not only to be viewed
only as other robotic systems but also as any constraining environmental processes?
3. Howcan predictive models generated from biological systems be used to drive robotic experiments,
and conversely how can the results of those robotic experiments provide information for the conduct
of additional neuroscientific/ethologieal data gathering?
One of our specific projects involves the study of how praying mantises react to different aspects of
their environment, by placing them in various experimental situations. Weare interested in what strategies
they might use, and whether or not these strategies are fixed or may be modulated by the outcome of the
animal’s interactions with diverse environmental situations. Wehave developed schema-theoretic models of
the "Chantlitaxia" behavior, including results of an ontogenetic study that suggest that the linkage between
the integration of sensory signals, and the activation and control of global motor patterns is not parmnetric
[21], as Lara and coworkers postulated [26], but rather it is a modulated process (i.e., function) that varies
depending on the state of a diversity of factors (e.g., animal’s age). Someof our preliminary observations
suggest that, as the praying mantis grows, it might use this kind of behavior to moveto a proper habitat:
youngmantises live in the bushes, while adult ones stay in the higher part of trees.
As both robotic systems and neural network models increase in their sophistication, it becomescrucial to
sinmlate and analyze the interaction of an increasing numberof functional and structural subsystems. While
progress has been made in modeling the less sophisticated robotic and single neural network systems, we have
reached the stage where it is necessary to define a frameworkfor developing multi-level neural architectures
in particular, in their application to robotics. Thus, the design and implementation of a schemabased model,
utilizing very large neural networks developed in a hierarchical fashion in the robotics domain, processing in
a distributed environment, is being undertaken. This involves the extension of our preliminary ASLmodel to
address issues arising from the integration of ASLwith neural network simulation in NSL, while implemented
in a distributed environment.
Weare also designing and implementing the Neural-Schema Simulation Language (NSSL), the integration
of NSL/ASL, enabling distributed simulation of hierarchical neural networks, ranging from low-level neural
network implementations to higher-level schema tasks. MissionLab affords the additional capacity for multirobot testing and is a significant componentof this research. The results obtained using the animal models
are currently being tested in simulation studies and then will be ported to real robotic platforms through
the use of this software testbed.
Acknowledgments
This research is supported by the National Science Foundation in the U.S. (Grant #IRI-9505864)and CONACyT
Mexico.

REFERENCES
[1] Arbib, M., "Perceptual Structures and Distributed Motor Control", Handbookof Phgsiologg- The Nervous
SystemII, ed. Brooks, pp. 1449-1465,1981.
[2] Arbib, M.A., 1992, "SchemaTheory", In the Encyclopedia of Artificial Intelligence, 2nd Edition, edited by
Stuart Shapiro, 2:1427-1443,Wiley.

[3] Arkin, R.C. and MacKenzie, D., "Temporal Coordination of Perceptual Algorithms for Mobile Robot Navigation", to appear in IEEE Transactions on Robotics and Automation, Vol. 10, No. 3, June 1994..
Journal of Robotics Research,
[4] Arkin, R.C., "Motor Schema-Based Mobile Robot Navigation", International
Vol. 8, No. 4, August 1989, pp. 92-112.
[5] Arkin, R.C., "Integrating Behavioral, Perceptual, and World Knowledge in Reactive Navigation", Robotics and
Autonomous Systems, 6 (1990), pp. 105-122.
[6] Arkin, R.C., "The Impact of Cybernetics on the Design of a Mobile Robot System: A Case Study", IEEE
Transactions on Systems, Man, and Cybernetics, Vol. 20, No. 6, Nov/Dec 1990, pp. 1245-1257.
[7] Arkin, R.C., "Modeling Neural Function at the Schema Level: Implications and Results for Robotic Control",
chapter in Biological Neural Networks in Invertebrate Neuroethology and Robotics, ed. R. Beer, R. Ritzmann,
and T. McKenna, Academic Press, pp. 383-410, 1993.
[8] Arkin, R.C., "Neuroscience in motion: The Application of Schema Theory to Mobile Robotics", in Visuomotor
Coordination: Amphibians, Comparisons, Models, and Robots, eds. J.-P. Ewert and M. Arbib. New York:
Plenum Press, 1989, pp. 649-672.
[9] Arkin, R.C. and Hobbs, J.D., "Dimensions of Communication and Social Organization in Multi-Agent Robotic
Systems", From animals to animats 2: Proc. 2nd International Conference on Simulation of Adaptive Behavior,
Honolulu, HI, Dec. 1992, MITPress, pp. 486-493.
[10] Arkin, R.C., "Cooperation without Communication: Multi-agent Schema Based Robot Na~dgation", Journal
of Robotic Systems, Vol. 9(3), April 1992, pp. 351-364.
[11] Balch, T. and Arkin, R.C., "Communication in Reactive Multiagent Robotic Systems", Autonomous Robots,
Vol. 1, No. 1, Nov. 1994.
[12] Balderrama, N. and Maldonado, E., Insect Physiol., 19:93-101, 1973.
subserx4ug prey-predator
[13] Cervantes-P~rez, F., Lara, R., and Arbib, M.A., "A neural model of interactions
discrimination and size preference in anuran amphibia", J. Theor. Biol., 113:117-152, 1985.
[14] Cervantes-P~rez, F., and Arbib, M. A., "Stability and parameter dependency analyses of a Facilitation Tectal
Column (FTC) model", J. Math. Biol., 29:1-32, 1990.
[15] Cervantes-P6rez, F., Guevara, D., and Herrera, A., "Modulation of prey-catching behavior in toads: data and
modeling", in: Visual structures and integrated functions, Eds. Arbib, M.A., and Ewert, J.P., Springer Verlag
Research Notes in Neural Computing vol. 3, 1991, pp. 397-415.
[16] Cobas, A., and Arbib, M.A., "Prey-catching and predator avoidance 2: modeling the medullary hemifield
deficit", in: Visual structures and integrated functions, Eds. Arbib, M.A., and Ewert, J.P., Springer Verlag
Research Notes in Neural Computing vol 3, 1991, pp. 153-166.
[17] Ewert, J.P., Neuroethology: an introduction to the neurophysiological fundamentals of behavior, Ewert, J.P.,
Springer, Verlag, 1980.
[18] Ewert, J.P., "Tectal mechanisms that underlie prey-catching and avoidance behaviors in toads", in: Comparative
Neurology of the optic tectam. Ed. Vanegas, H., Plenum Press, 1984, pp. 247-416.
[19] Ewert, J.P., "Neuroethology of releasing mechanisms: prey-catching in toads", Behav. Brain. Sci., 10:337-405,
1987.
information processing", in:
[20] Ewert, J.P., "The release of visual behavior in toads: stages of parallel/hierarchical
Visuomotor coordination: amphibians, comparisons, and robots. Eds. Ewert, J.P., and Arbib, M.A., Plenum
Press, 1989, pp. 39-120.
[21] Franco, A., "Estudio tedrico-experimental de la conducta de Bnsqueda de Refugio o Chantlitaxia de la mantis
religiosa Stagmoinantis limbata hahn", Masters dissertation,
UACPyPdel CCHNational University of Mexico,
April, 1990.
[22] Gibson, J.J., "The Theory of Affordances", Perceiving, Acting, and Knowing, ed. Shaw, R., and Bransford, J.,
Erlbaum, 1977.
[23] Grosser, O. and Grosser-Cornhels, U., "Neurophysiology of the anuran visual system", in: Frog Neurobiology,
Eds. Llinas, R., and Precht, W., Springer Verlag, 1976, pp. 298-385.
[24] Holldobler, B., Wilson, E., The Ants, Belknap Press, Cambridge Mass, 1990.
[25] Ingle, D., "Spatial vision in anurans", in: The amphibians visual system: a multidisciplinary approach, Ed.
Fite,K.V., Academic Press, 1976, pp. 119-140.
[26] Lara, R., Carnmna, M., Daza, f., and Cruz, A., "A global model of the neural mechanisms responsible for
visuomotor coordination in toads", J. Theor. Biol., 110:58%618, 1984.
avoidance behavior", Adaptive
[27] Liaw, J., and Arbib, M.A., "Neural mechanisms underlying direction-sensitive
Behavior, 1:227-261, 1993.

5

[28]
[29]
[30]
[31]
[32]
[33]

[34]

[35]

Maldonado, E., Z. Velyl. Physiol., 9:435-445, 1970.
McFarland, D. and Bosser, T., Intelligent Behavior in Anin~als and Robots, h,IlT Press, 1993.
McFarland, D., "Towards Robot Cooperation", FromAnimals to A nimats 3, ed, D. Cliff et al, 1994, pp. 440-451.
Neisser, U., Cognition and Reality: Principles and Implications of Cognitive Psychology, Freeman, 1976.
Steels, L., "A Case Study in the behavior-oriented design of Autonomous Agents", From Animals to Anirnats
3, ed, D. Cliff et al, 1994, pp. 445-452.
’~’Veitzenfeld, A., Arbib, M., 1991, "A Concurrent Object-Oriented Framework for the Simulation of Neural
Networks", Proceedings of ECOOP/OOPSLA
’90 Workshop on Object-Based Concurrent Programming, OOPS
Messenger, 2(2):120-124, April.
Weitzenfeld, A., 1993, ASL: Hierarchy, Composition, Heterogeneity, and Multi-Granularity
in Concurrent
Object-Oriented Programming, Proceeding of the Workshop on Neural Architectzlres
and Distributed AI: From
Schema Assemblages to Neural Networks, Oct 19-20, Center for Neural Engineering, USC, Los Angeles, CA.
VVeitzenfeld, A., Arbib, M.A., 1994, "NSL - Neural Simulation Language, in Neural Networks Simulation
Environments", Editor J. Skrzypek, Kluwer (in press).

